
2025 Proceedings of the ISCAP Conference   ISSN: 2473-4901 
Louisville, KY  v11 n6436 

 

©2025 ISCAP (Information Systems and Computing Academic Professionals) Page 1 
https://iscap.us/proceedings/ 

 
Use of Artificial Intelligence  

in Healthcare: A Review 
 

 
Hemasri Alavala 

alavalah@gvsu.edu 

 
Jie Du 

dujie@gvsu.edu 
 

Grand Valley State University 
Allendale, MI, 49401, USA 

 
 

 
Abstract  

 

This paper explores user perceptions of Artificial Intelligence (AI) in healthcare, drawing from 58 peer-
reviewed studies published across multiple databases including PubMed, Google Scholar, Web of 
Science, PsycInfo, and AIS e-Library. It identifies recurring themes such as trust, transparency, privacy, 
and technological readiness, which shape how patients, physicians, and other stakeholders engage with 
AI. Models like the Technology Acceptance Model (TAM), the Unified Theory of Acceptance and Use of 
Technology (UTAUT), and the Input-Process-Outcome (IPO) framework have been applied to understand 
these behaviors. Findings highlight that successful AI integration depends not only on system 

performance but also on human-centered design, ethics, and communication strategies. Gaps in current 
literature include underrepresented regions, limited longitudinal adoption studies, and insufficient 
exploration of emotional-cognitive factors. Future research should emphasize inclusivity, real-world 
trials, and stakeholder diversity. This study provides a foundation for designing trustworthy, explainable, 
and ethically responsible AI systems in healthcare. 
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1. INTRODUCTION 
 
Artificial Intelligence (AI) is revolutionizing 
healthcare by enhancing diagnostics, 

personalizing treatment plans, optimizing 
workflows, and improving patient engagement. 
Applications like predictive analytics, imaging 
diagnostics, and chatbots reduce errors, 
streamline processes, and improve outcomes 
(Jiang et al., 2017; Xu et al., 2021). The 

integration of machine learning and natural 
language processing enables faster interpretation 
of complex data, crucial for clinical decision-
making in resource-limited settings (Shinners et 
al., 2020). 
 
Despite its promise, AI raises concerns around 

algorithmic bias, lack of transparency, privacy, 
and reduced clinician autonomy (Ferrara, 2024; 
Albahri et al., 2023). Trust remains a barrier due 
to the “black box” nature of many systems (Yang 
et al., 2024). Risks of misuse, poor regulation, 
and fairness issues contribute to skepticism 
among patients and professionals (Sauerbrei et 

al., 2023). Without frameworks for explainability 
and accountability, adoption remains limited. 

 
This paper conducts a systematic literature 
review to investigate how AI is perceived by users 
in healthcare, focusing on patient and clinician 

perspectives related to usability, autonomy, and 
trust. It evaluates existing research through 
models such as the Technology Acceptance Model 
(TAM), the Unified Theory of Acceptance and Use 
of Technology (UTAUT), and the Input-Process-
Outcome (IPO). The goal of this study is to 
provide insights into the human factors 

influencing AI acceptance and propose guidelines 
for ethical and user-centric AI design. The three-
research questions for this study are: 
 

1. What kinds of AI applications have been 

discussed in literature regarding user 
perceptions in healthcare? 

2. What factors significantly influence users’ 
perceptions and acceptance of AI in 

healthcare? 
3. What are the limitations in existing 

literature and what directions should 
future research take? 

 
This paper is structured into seven sections: The 
process for a systematic literature review is 
outlined in Section 2. The types of applications 
identified via the literature review are presented 
in Section 3. The significant factors that impact 

users’ perceptions of AI in healthcare are 
summarized in Section 4. Section 5 highlights the 
perceptions of AI in healthcare from a variety of 
healthcare stakeholders. The emerging trends 
and research gaps are identified in Section 6. 
Section 7 concludes with a summary of the 
findings and future work. 

 
2. METHOD 

 
This systematic literature review employed a 
structured and reproducible search strategy to 
identify, screen, and analyze peer-reviewed 
articles that examine user perceptions of AI in 

healthcare. We followed the Preferred Reporting 
Items for Systematic Reviews and Meta-Analyses 

(PRISMA) framework to ensure a transparent and 
standardized approach for article identification, 
screening, eligibility assessment, and inclusion. 
PRISMA diagrams are widely used in healthcare 

AI reviews to visualize the flow of studies. 
 
We used multiple academic databases including 
PubMed, Google scholar, Web of Science, 
PsycINFO, and AIS e-Library to collect 
comprehensive data. PubMed focuses on medical 
and clinical studies, which helped us understand 

AI in healthcare settings. Google Scholar includes 
a broad range of papers. Web of Science includes 
high-quality studies from both healthcare and 
technology fields. PsycINFO helped us learn about 
human emotions and behaviors related to AI, like 

trust and fear The AIS library added research on 
how AI and technology are used in healthcare 

systems 
  



2025 Proceedings of the ISCAP Conference   ISSN: 2473-4901 
Louisville, KY  v11 n6436 

 

©2025 ISCAP (Information Systems and Computing Academic Professionals) Page 3 
https://iscap.us/proceedings/ 

 

 
 
 

 
 
 
 
 
 
 

 
 
 
 
 
 

 
 
 
 
 
 
 

 
Figure 1: The PRISMA Flow Diagram with Forward–backward Search 

 
The search terms used in this study were: 

  
TS = (“artificial intelligence” OR “AI” OR 
“algorithms” OR “cognitive automation” 
OR “machine learning” OR “deep 

learning” OR “neural network” OR 
“algorithmic intelligence” OR “robot”) 
AND TS = (“health*” OR “hospital” OR 

“clinic*” OR “medical” OR “medicine” OR 
“care*”) AND TS = (“healthcare 
professional” OR “doctor” OR “physician” 
OR “nurse” OR “patient” OR “user” OR 
“consumer” OR “people” OR “individual”) 
AND TS = (“resistance” OR “rejection” OR 
“postponement” OR “opposition” OR 

“aversion” OR “preference” OR 
“acceptance” OR “adoption” OR 
“enabler”).  

 
Given that Information Systems (IS) is an 
interdisciplinary field, a wide range of publications 

within and outside the IS discipline were reviewed 
to capture diverse perspectives on AI in 
healthcare. 
 
In total, 58 articles published between 2015 and 
2025 were selected for inclusion based on the 
following criteria: focus on AI in healthcare 

settings, empirical studies or reviews discussing 
user perceptions, English language, peer-
reviewed, and full-text available. Articles were 

excluded if they were editorials, non-peer-

reviewed commentaries, or if they lacked a 
primary focus on user experience or perception. 
Table 1 shows the paper distribution among the 
five data sources. Figure 1 demonstrates the 

search process. Table 1 shows the distribution of 
papers retrieved from five data sources. Initially, 
108 papers were identified, and after applying the 

inclusion and exclusion criteria, 58 papers 
remained for analysis. Google Scholar contributed 
the most papers, while AIS Library contributed 
the least. 
 
A structured data extraction template was 
developed in Microsoft Excel to systematically 

record key details from each study. The template 
included columns for Author, Year, Research 
Aim/Objective, Study Design/Data Collection, 
Participants, AI Intervention, Outcome, and Link 
(DOI/URL). This template facilitated consistent 
data collection across studies. For example, the 

Research Aim/Objective column captured the 
study’s purpose, the Study Design/Data 
Collection column detailed methods such as 
surveys or interviews, the Participants column 
specified groups like patients or physicians, the 
AI Intervention described tools like chatbots or 
CDSS, and the Outcome column summarized 

findings on trust. 
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DATA 

SOURCE 

INITIAL     AFTER FILTERING  

GOOGLE 

SCHOLAR 

48 22 

PUBMED 18 10 
PSYCINFO 21 8 
AIS 
LIBRARY  

8 5 

WEB OF 

SCIENCE 
(WOS) 

13 6 

TOTAL 108 58 
 
Table 1: Paper Distribution in Five Data Sources 
 
 

3. TYPES OF AI APPLICATIONS STUDIED 

 
The articles retrieved and used in this study 
analyze a diverse set of AI applications in 
healthcare, ranging from patient-facing 
technologies like chatbots to clinical decision 
support systems (CDSS), large language models 

(LLMs), and diagnostic tools. These technologies 
influence patient and physician interactions, 
shape medical decision-making, and impact user 
trust and acceptance. In this section, several 
major AI applications in healthcare will be 
highlighted. 

 
Chatbots and Virtual Assistants  
AI-powered chatbots are increasingly used in 
many departments of healthcare. In Oncology 

Applications uses AI and Machine Learning, 
chatbots were used to support cancer diagnosis, 
workflow optimization, and psychological support 

(Xu et al., 2021). In mental health, 
conversational agents showed that patients 

appreciated anonymity but voiced concerns about 
the lack of empathy and emotional intelligence 

(Prakash & Das, 2020). Park et al. (2022) 
explored emotional resistance in family members 
when chatbots were used in clinical care and 
found evidence that emotions can override 
perceived benefits. 
 

Clinical Decision Support Systems 

 
Many papers assessed CDSS as essential tools in 
diagnostics and treatment. The study Are 
Physicians Ready for Precision Antibiotic 
Prescribing? found that physicians in India and 
Singapore accepted CDSS more readily when the 
system aligned with their clinical reasoning and 

minimized disruptions (Huang et al., 2023; 
Pumplun et al., 2023). Chen et al. (2022) 
investigated physician acceptance of machine 

learning for diagnostic purposes and identified 

trust and perceived loss of autonomy as critical 
barriers.  
 

Large Language Models and Generative AI 
Several recent studies have explored the rise of 
LLMs like GPT in clinical practice. Also reported 
emergency physicians’ mixed responses—valuing 
speed and assistance in documentation, yet 
worrying about misinformation, Sumner et al. 
(2025) surveyed clinicians on LLMs and 

highlighted the importance of reliability and 
transparency. 
 
Predictive Analytics and Risk Models 
Predictive models have been widely studied for 
triage, readmission prediction, and population 

health. Giddings et al. (2024) examined the 
factors influencing clinician and patient 
interaction with machine learning-based risk 
prediction models and found that while accuracy 
is valued, opaque predictions led to patient 
skepticism. Jayakumar et al. (2021) 
demonstrated that personalized AI risk feedback 

was well-received when users were given 
explanations and control over decisions for health 
information seeking. 
 
Imaging and Diagnostics 
AI applications in diagnostic imaging were among 
the most frequently cited. Pesapane and 

Giambersio (2024) investigated patients' 
perceptions and attitudes toward AI in breast 

cancer diagnosis. They found that women 
appreciated faster diagnosis but expressed 
doubts about algorithmic objectivity. The paper 
Artificial Intelligence and ChatGPT in 

Abdominopelvic Surgery showed mixed clinician 

reactions—surgeons welcomed faster pre-
operative analysis while cautioning against over-

reliance (Goglia et al., 2024). 
 
Explainable and Ethical AI 
Explainability and fairness emerged as cross-
cutting themes. Yang et al. (2024) examined 
resistance to AI in healthcare and used an Input–

Process–Outcome model to explain how lack of 

transparency triggers cognitive dissonance and 
resistance among users. Robertson et al. (2023) 
further showed that unclear decision-making 
reduces patient trust. 
 
These AI applications mentioned above 
underscore the diversity of AI technologies in 

healthcare and demonstrate that trust, user 
literacy, and contextual awareness are crucial for 
adoption (Ayo-Ajibola, O et al., 2024; Maris et al., 
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2024). Moreover, successful implementation 

often depends on how well these technologies are 
integrated into clinical workflows and aligned with 
the values and expectations of both patients and 

healthcare professionals. 
 

4. SIGNIFICANT FACTORS IMPACTING 
USER PERCEPTIONS 

 
Understanding user perceptions of AI in 
healthcare involves identifying key factors that 

influence acceptance, trust, and long-term 
adoption. Based on our synthesis of 58 peer-
reviewed articles, we identified several common 
recurring themes that significantly impact user 
perspectives across various stakeholder groups, 
including patients, physicians, medical students, 

and administrators. In this section, these factors 
that significantly impacts perceptions of AI will be 
highlighted. 
 
Perceived Usefulness 
The extent to which AI systems contribute 
meaningfully to clinical outcomes and reduce 

cognitive burden was a major determinant of 
acceptance. Applications that offered diagnostic 
accuracy, improved decision support, or saved 
time were received more positively (Vijayakumar 
et al., 2023). Studies also showed that when 
users perceived AI as enhancing rather than 
replacing their roles, their willingness to adopt the 

technology significantly increased. 
 

Trust and Transparency 
Trust in AI systems was frequently linked to 
transparency, reliability, and alignment with 
professional norms. The lack of explainability in 

AI algorithms led to concerns among clinicians, 
especially when decisions lacked rationale or 
deviated from clinical expectations (Yang et al., 
2024;Van Cauwenberge et al.,2022). Studies 
noted that increasing interpretability of 
algorithms enhances trust. 
 

Ease of Use and Technical Literacy 
User-friendly interfaces and adequate AI literacy 
were repeatedly cited as enabling factors. 
Complex platforms requiring advanced technical 

skills hindered adoption, particularly among older 
clinicians or users in low-resource settings (Knop 
et al., 2022; Khanijahani et al., 2022). These 

challenges align with the early stages of the AI 
adoption funnel (see Figure 2), where awareness 
and evaluation depend heavily on users’ ability to 
understand and interact with technology. 
Simplifying interfaces and offering targeted 
training can help move users through the funnel 

toward full adoption (Mousavi Baigi et al., 2023). 
 

 

 
Figure 2: AI Adoption Funnel in Healthcare 

 
Ethical Concerns and Risk Perception 
Some studies highlighted ethical challenges, such 
as potential bias, privacy violations, and over-
reliance on automation (Sauerbrei et al., 2023; 
Kostick-Quenet et al., 2024). Physicians 

expressed concern about liability when AI 
systems errored. Patients voiced fear of 
dehumanization and losing control over personal 
data. 
 
Cost and Accessibility 
The affordability and scalability of AI tools played 

a role in user adoption. High cost and resource 
requirements discouraged adoption in rural or 
resource-limited environments (Shi et al,. 2024). 

Studies from low- and middle-income countries 
noted this barrier more frequently. AI adoption 
was lower in rural or low-resource environments 
due to cost (Khanijahani et al., 2022). 

 
Cultural and Demographic Influences 
Acceptance varied based on cultural context, age, 
education, and professional background. Several 
studies emphasized that women, older adults, 
and individuals with lower digital literacy 

exhibited greater skepticism toward AI-enabled 
tools. Skepticism was greater among women, 
older adults, and those with lower digital literacy 
(Yakar et al., 2022). 
 
The factors mentioned above form the foundation 

for developing user-centered AI tools in 

healthcare. The variation across regions, 
demographics, and healthcare roles underscores 
the need for stakeholder-specific strategies 
during AI system implementation.  

 
5. HEALTHCARE STAKEHOLDERS 

PERCEPTION OF AI 

 
In this section, we will emphasize the 
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perspectives from a variety of healthcare 

stakeholders including patients, physicians, 
nurses, medical students, and healthcare 
administrators and policy makers. The examples 

discussed in this section highlight how different 
user groups perceive AI in healthcare contexts. 
These summaries demonstrate the recurring 
themes and unique insights derived from diverse 
settings and AI tools. 
 
Patient Attitudes Toward AI 

Across multiple studies, patient attitudes range 
from curiosity and cautious optimism to 
skepticism (Robertson et al., 2023; Yakar et al., 
2022). Many patients appreciate the speed and 
efficiency AI brings to diagnostics and 
personalized care. Patients have shown hesitation 

when AI systems are used independently without 
clinician oversight (Alshutayli, A et al,. 2024). 
Emotional responses significantly influence AI 
acceptance. For example, Park et al. (2022) found 
that fear of losing human touch and feelings of 
being depersonalized lead to rejection of AI 
systems. Studies also revealed that some 

patients fear misdiagnosis due to perceived 
inflexibility in AI algorithms, especially among 
older demographics or those with lower AI 
literacy  
 
Physician Attitudes Toward AI 
Physicians exhibit cautious engagement with AI. 

While many acknowledge its potential to reduce 
workload and improve diagnostic accuracy 

(Hsieh, P,J.,2023; Akinrinmade, A. O., 2023), 
skepticism persists, especially concerning 
autonomy and explainability (Allen et al., 2024; 
Grosser et al., 2025). Concerns around legal 

liability, trust, and the black-box nature of some 
models were frequently cited (Yang et al., 2024). 
Physicians favored AI systems as decision support 
tools rather than replacements. 
 
Nurse Attitudes and Adoption Patterns 
Nurses generally demonstrate openness to AI, 

particularly in administrative and monitoring 
tasks (Laukka et al., 2022). However, a mixed-
method study showed that resistance arises when 
AI systems are poorly integrated into workflow or 

when training is insufficient (Amin et al., 2025). 
Ethical concerns around job displacement and 
depersonalized care are similar to those raised by 

physicians and patients 
 
Medical Students and Trainees 
Younger healthcare professionals and students 
show strong interest in AI, often viewing it as an 
inevitable part of the future of medicine many 

express interests in formal AI education and feel 
confident using such technologies, although they 

acknowledge gaps in ethical training and practical 

application (Mousavi Baigi et al., 2023; Funer et 
al., 2024; Dos Santos et al., 2019). 
 

Healthcare Administrators and Policy 
Makers 
Administrative leaders and policy influencers 
often focus on cost-effectiveness, scalability, and 
legal frameworks. Godoy Junior et al., 2024; Elgin 
& Elgin, 2024 emphasize system integration, 
regulatory compliance, and workforce readiness. 

Many view AI as a strategic enabler but raise 
caution over long-term financial investments and 
ethical governance. 
 

6. FUTURE RESEARCH DIRECTIONS 
 

Future research in AI for healthcare should strive 
for inclusivity and deeper contextual 
understanding. A key limitation across current 
literature is the underrepresentation of diverse 
populations, particularly from low- and middle-
income countries (Huang et al., 2023). 
Addressing this gap is essential to avoid 

reinforcing healthcare inequalities. Longer-term 
studies could reveal how trust and acceptance 
evolve over time, especially with repeated 
interactions or institutional endorsements of AI 
tools. As AI continues to evolve, so do ethical and 
legal challenges. Questions of accountability, 
transparency in adverse events, and bias in 

decision-making warrant urgent attention 
(Ferrara, 2024). Policy-oriented studies exploring 

governance models and strategies for risk 
mitigation should be prioritized. Finally, with the 
growing use of LLMs and generative AI in clinical 
communication and documentation, there is a 

pressing need for empirical research assessing 
their utility, limitations, and impact on healthcare 
delivery (Barak-Corren et al., 2024; Sumner et 
al., 2025. 
 
AI is widely used in healthcare for diagnostics, 
decision support, and treatment optimization 

across fields like oncology and chronic disease 
management. However, there is a lack of 
research on AI tools for underserved groups of 
patients such as the physically handicapped, 

paralyzed patients, and the elderly needing long-
term care. Future AI solutions must address these 
gaps to promote inclusivity and equity.  

 
7. CONCLUSION 

 
This systematic literature review examined 58 
peer-reviewed articles to understand how 
different stakeholders perceive, adopt, and 

interact with AI in healthcare. The findings 
indicate that while AI is rapidly advancing and 
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being applied across diverse domains ranging 

from cancer diagnostics to chronic disease 
management, acceptance remains complex and 
highly context dependent. Key AI applications 

include chatbots for oncology and mental health 
support (Xu et al., 2021; Prakash & Das, 2020), 
CDSS for diagnostics and treatment (Vijayakumar 
et al., 2023; Knop et al., 2022), LLMs for clinical 
summaries (Barak-Corren et al., 2024; Sumner 
et al., 2025), predictive analytics for triage 
(Giddings et al., 2024), and imaging tools for 

faster diagnosis (Pesapane, 2024). These 
applications enhance efficiency and accuracy but 
face challenges like lack of empathy, 
transparency, and clinical validation (Mehrabi et 
al., 2022). 
 

Significant factors impacting user perceptions 
include perceived usefulness, where AI’s ability to 
improve outcomes and reduce workload drives 
acceptance, trust and transparency, which are 
hindered by opaque algorithms (Yang et al., 
2024); ease of use, critical for adoption in low-
resource settings (Mousavi Baigi et al., 2023); 

and ethical concerns like bias and privacy, which 
fuel skepticism. Patients value speed and 
accuracy but remain cautious about emotional 
disconnect and data security. Physicians welcome 
AI as a decision-support tool yet are wary of 
autonomy loss and liability (Kostick-Quenet et 
al.,2024). Nurses and students show openness 

but emphasize the need for better training and 
integration (Amin et al., 2025), while 

administrators prioritize cost-effectiveness and 
governance. Emotional resistance, explainability 
gaps, and ethical dilemmas emerged as critical 
barriers. 

 
The review also highlights underrepresented 
groups and application gaps, particularly in 
palliative care, disabilities, and eldercare. A 
multidimensional, user-centered approach is 
essential for designing trustworthy AI tools. 
Future research must prioritize stakeholder 

diversity, longitudinal insights, and robust 
evaluation frameworks to ensure equitable, safe, 
and effective AI adoption in global healthcare 
systems. 
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