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Abstract  
 
Artificial intelligence (AI) has rapidly evolved beyond many existing legal and organizational governance 
structures, creating ethical, social, and accountability challenges. This paper examines consumer-facing 
AI systems in high-risk domains and asks how information-systems governance can translate ethical 
principles into enforceable institutional controls. Using a qualitative comparative legal-policy method, 
the study analyzes the EU Artificial Intelligence Act (EU AI Act), the U.S. National Institute of Standards 
and Technology (NIST) AI Risk Management Framework (AI RMF), and two illustrative U.S. disputes 

involving copyright and privacy. The analysis identifies a recurring gap between voluntary standards, 
reactive litigation, and the need for operational oversight. It then proposes a three-part governance 
architecture: NIST-led standards development, a Federal Artificial Intelligence Administration (FAIA) for 
risk-based review and post-deployment monitoring, and a separate enforcement authority for violations. 
The contribution is not simply an “FDA for AI”; rather, it combines standards, lifecycle review, and 
independent enforcement while addressing the speed and distributed supply chain of modern AI 

systems. 
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A Framework for Ethical AI Governance 
 

Antonio Paganelli, Christian Senk, Philip Kim and Joseph V. Homan 
 

 
1. INTRODUCTION 

 
Artificial intelligence (AI) has become a foundational information technology that increasingly mediates 
decisions, services, and interactions. This paper focuses on large-scale consumer-facing AI systems 
used in high-risk domains such as healthcare, education, finance, biometric identification, and 
surveillance. These systems are socio-technical rather than purely technical: outcomes depend on 

models, data, platforms, deployers, users, organizational controls, and applicable law. That 
characteristic places AI governance squarely within the information-systems (IS) conversation about 
decision rights, control, accountability, and the alignment of technology with organizational and societal 
objectives (Abedin, 2022; Tiwana, 2014). 

 
The paper makes three related contributions. First, it develops an explicit governance lens that connects 
five principles—legality, transparency, proportionality, responsibility, and predictability—to observable 

institutional controls. Second, it uses a comparative legal-policy analysis to show how the EU AI Act and 
NIST AI RMF distribute decision rights, documentation duties, review, and enforcement differently. 
Third, it derives a three-pronged U.S. framework from the gaps identified in the comparative and case 
analyses. The framework separates standard setting, lifecycle oversight, and punitive enforcement 
rather than treating governance as either voluntary self-regulation or a single centralized approval 
process. 

 
The study addresses three sub-questions: (1) Descriptive: What governance mechanisms do the EU AI 
Act, NIST AI RMF, and the selected U.S. cases reveal? (2) Analytical: Where do those mechanisms leave 
gaps when evaluated against the five ethical criteria? and (3) Normative: What institutional design could 
close those gaps without imposing blanket pre-deployment review on all AI? The paper argues that AI 
should be governed through proportionate, lifecycle-based safeguards rather than broadly 

“constrained,” with stronger controls applied where potential harms, affected rights, or systemic 

dependencies are greater. 
 

2. METHODOLOGY 
 
This study uses a qualitative comparative legal-policy design. The units of analysis are (a) the EU AI 
Act, (b) the NIST AI RMF, and (c) two U.S. legal disputes: The New York Times Company v. Microsoft 
Corporation et al. and Lopez et al. v. Apple Inc. The EU and NIST instruments were selected because 

they represent contrasting governance logics—binding risk-based regulation and voluntary risk-
management guidance—while both are sufficiently developed to support structured comparison. The 
two cases were purposively selected as illustrative “harm-class” cases: copyright/training-data 
governance and consumer privacy/data capture. They are not intended to be statistically representative. 
 
Sources were selected from the manuscript’s existing scholarly references, primary legal and policy 

authorities, and official government materials. Priority was given to peer-reviewed or established 
scholarly sources for theoretical claims and to primary authorities for legal status. The search and 

verification process emphasized AI governance, algorithmic accountability, information-systems 
governance, the EU AI Act, NIST AI RMF, U.S. executive orders, federal legislation, and the selected 
case dockets. The legal-policy cutoff is July 31, 2026. Secondary sources were used to contextualize 
issues when primary materials were not readily available, but allegations, party positions, court 
holdings, and unresolved merits are distinguished. 

 
The five ethical criteria are operationalized as observable governance requirements: legality (statutory 
authority, jurisdiction, due process); transparency (documentation, disclosure, auditability, and 
contestability); proportionality (risk-tiered controls); responsibility (named actors, reporting, and 
corrective authority); and predictability (published criteria, target timelines, appeals, and structured 
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revision). The same criteria are applied to the EU/NIST comparison, both cases, and the proposed 

framework. This creates a reproducible chain from literature and source selection to case analysis and 
institutional recommendations. 
 

3. LITERATURE REVIEW 
 
The literature review is organized around the paper’s governance problem rather than by application 
area. It first examines AI governance and IS perspectives, then uses healthcare and education as high-
risk examples, and finally synthesizes the unresolved principle-practice gap. This organization better 
connects the literature to the research questions and to the institutional design developed later in the 
paper. 

 
3.1 AI Governance and IS Foundations 
 
AI governance literature increasingly treats accountability as an institutional relationship rather than a 
property that can be achieved by publishing an ethics statement. Floridi et al. (2018), the OECD (2019), 
and UNESCO (2021) emphasize complementary principles involving human agency, transparency, 

responsibility, safety, and fairness. Doshi-Velez and Kim (2017) show why technical interpretability is 
itself an empirical and methodological problem, while Kroll (2018) highlights governance problems 
arising when data systems are difficult to understand or contest. Abedin (2022), published in the IS 
field, further shows that explainability can create competing effects: greater explanation may improve 
trust and accountability but can also expose complexity, uncertainty, or strategic behavior. These 
studies suggest that principles alone do not produce accountability; organizations need decision rights, 
evidence requirements, monitoring, and mechanisms through which affected parties can contest 

outcomes. 
 
3.2 Healthcare 
 
The literature, therefore, points to a principle-practice gap: organizations may endorse transparency, 
accountability, or fairness while lacking procedures that make those principles observable and 
enforceable. For AI, the gap is intensified by rapid model updates, opaque supply chains, and platform-

mediated deployment. The central IS research issue is consequently not whether ethical principles are 
desirable, but how governance mechanisms translate them into repeatable organizational and regulatory 

practices. 
 
Healthcare illustrates why lifecycle governance matters. AI can support diagnosis, treatment planning, 
and predictive medicine, but patient-facing systems create high consequences when errors, privacy 

failures, or unanticipated model behavior occur. Research on AI-assisted medical applications 
demonstrates potential benefits in imaging and clinical decision support (Banerjee et al., 2020; Muntean 
et al., 2023; Orte Cano et al., 2023). At the same time, patients expect AI applications to reflect their 
values and preferences rather than displace human judgment (Adus et al., 2023). These findings support 
proportional review, documentation, human oversight, and post-deployment monitoring rather than a 
one-time technical certification. 
 

3.3 Education 
 
The literature also cautions against treating application domains as interchangeable. The governance 
requirements for a medical diagnostic system differ from those for a low-risk recommendation engine. 

A risk-based IS governance model should therefore specify which decisions are automated, who owns 
the decision, what evidence is required, and how users can contest or correct outcomes. 
 

Education provides a second high-risk context because AI affects not only efficiency but also learning, 
assessment, and professional judgment. Research suggests that interactive digital learning technologies 
can improve comprehension and retention under particular conditions (Hung et al., 2017/2018). 
However, generative AI creates new questions concerning assessment, academic integrity, and the 
changing distribution of cognitive work (Chiu, 2023). The relevant governance issue is not whether AI 
is “good” or “bad” for education, but whether institutions establish clear decision rights, disclosure rules, 

human review, and assessment practices appropriate to the technology’s role. 
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The education literature also illustrates why governance should remain adaptive. AI capabilities and 

student practices can change faster than institutional policies. Rather than prescribing one permanent 
rule, governance should establish review triggers—for example, material model changes, new uses of 
sensitive data, or evidence of adverse effects—that require reassessment. 

 
3.4 Ethics and AI Governance 
 
Accordingly, the literature review treats healthcare and education as illustrative high-risk contexts, not 
as exhaustive sector studies. Their role is to demonstrate why AI governance must operate across the 
technology lifecycle and why the same ethical principles require different operational controls depending 
on context. 

 
AI ethics scholarship provides a normative foundation, but it also exposes tensions that a governance 
framework must manage. Floridi et al. (2018) emphasize beneficence, non-maleficence, autonomy, 
justice, and explicability; the OECD (2019) emphasizes inclusive growth, human-centered values, 
transparency, robustness, and accountability; and UNESCO (2021) emphasizes human rights, human 
oversight, fairness, and sustainability. These frameworks overlap substantially with the principles used 

here, but do not prescribe identical institutional mechanisms. This paper treats its five principles as 
governance criteria rather than as a claim that they constitute a universal ethical code. 
 
3.5 Literature Synthesis 
 
The literature supports a governance architecture that converts principles into operational requirements. 
Transparency becomes documentation, testing evidence, change logs, and user-facing disclosures; 

responsibility becomes named accountable actors and incident-reporting duties; proportionality 
becomes risk tiers and differentiated review; predictability becomes published criteria and appeal 
procedures; and legality becomes clear statutory authority and due process. This operationalization is 
the bridge between AI ethics scholarship and IS governance practice. 
 
The literature establishes three unresolved issues. First, AI governance research recognizes the need 
for accountability but provides competing views about how much authority should reside with 

government, firms, or third parties. Second, existing standards such as NIST AI RMF provide flexible 
practices but are not themselves a comprehensive enforcement regime. Third, legal disputes show that 

litigation can clarify individual rights without creating a systematic lifecycle governance structure. This 
paper addresses the gap by linking ethical criteria, comparative governance analysis, and case evidence 
to an institutional design. 
 

4. LEGISLATIVE POLICY REVIEW 
 

The resulting analytical logic is explicit: the five principles define what responsible governance should 
accomplish; the EU/NIST comparison identifies how governance authority is currently allocated; and the 
two cases illustrate where reactive legal mechanisms fail to provide timely, repeatable controls. The 
proposed three-pronged framework is therefore derived from the preceding analysis rather than 
introduced independently. 

 
As a legal-policy baseline, this study uses a cutoff date of July 31, 2026. The analysis distinguishes 
enacted law, agency standards, executive policy, proposed legislation, and judicial proceedings. This 
distinction is important because the U.S. federal AI landscape changed materially after 2023: Executive 

Order 14110 was rescinded by EO 14148 on January 20, 2025; EO 14179 directed the removal of 
barriers to U.S. AI leadership; EO 14365 addressed a national AI policy framework and state-law 
conflicts; and EO 14409, issued June 2, 2026, emphasized advanced-AI innovation and security. These 

actions illustrate both the reach and the instability of executive-led governance (The White House, 
2025a, 2025b, 2025c; 2026). 
 
The United States also regulates particular AI applications through existing agencies and sector-specific 
law. FDA oversight of AI-enabled medical devices, financial regulators’ authority over regulated 
institutions, consumer-protection law, employment law, privacy statutes, and other sectoral regimes 

mean that the U.S. model is not simply “unregulated.” The more precise problem is fragmentation: 
authority is distributed across agencies and legal regimes that may not align around common AI lifecycle 
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controls. 

 
Congressional action remains limited at the federal level. H.R. 2794, the NO FAKES Act of 2025, was 
introduced on April 9, 2025, and referred to the House Judiciary Committee. Its stated purpose is to 

protect intellectual-property rights in individuals’ voice and visual likeness, illustrating targeted 
legislative intervention rather than a comprehensive AI governance regime (H.R. 2794, 2025). 
 
Executive action can move quickly but is inherently less stable than legislation. The rescission of EO 
14110 in January 2025 provides direct evidence of this limitation. For IS governance, the implication is 
that firms cannot treat executive policy as a durable substitute for statutory authority, especially when 
compliance investments span multiple technology generations. 

 
4.1 EU AI Act and U.S. AI Risk Management Framework Comparative Analysis 
 
NIST AI RMF 1.0 provides a contrasting U.S. governance instrument. Its functions—govern, map, 
measure, and manage—support continuous organizational risk management, but the framework is 
voluntary unless incorporated into a contract, regulation, or other binding requirement (NIST, 2023). 

The U.S. sectoral model can therefore preserve flexibility, but it can also leave gaps when no agency 
has a clear mandate or when actors have incentives to underinvest in safeguards. 
 
A fixed comparison makes the analytical difference clearer. The EU AI Act is legally binding and risk-
based, with defined obligations, supervisory structures, and penalties. NIST AI RMF is voluntary and 
process-oriented, emphasizing organizational risk management. The EU model supplies stronger 
external accountability; the NIST model supplies greater adaptability. Neither alone resolves the pace 

problem for rapidly changing, distributed AI systems. 
 
For generative and general-purpose AI, the EU framework is broader than a four-tier classification alone. 
It includes obligations that attach to general-purpose AI models, governance and documentation 
requirements, conformity assessment for applicable high-risk systems, market surveillance, and 
enforcement. The phased application of obligations also illustrates a useful governance principle: 
implementation can be staged rather than requiring every control to take effect simultaneously. 

 
The NIST approach is valuable because it can be updated without the legislative cycle required for 

statutory rules. Its weakness is enforceability. The proposed framework, therefore, uses NIST as the 
standards layer rather than attempting to replace it with a second technical bureaucracy. 
 
The comparison suggests a hybrid design: use flexible technical standards to keep pace with innovation, 

but attach mandatory review and enforcement to clearly defined high-risk uses. This avoids treating the 
EU and U.S. approaches as complete opposites and recognizes that U.S. sectoral regulation already 
supplies binding controls in particular domains. 
 
The policy problem is thus one of governance architecture: how should decision rights, evidence 
requirements, review authority, and enforcement be distributed across a rapidly changing AI ecosystem? 
The next sections apply the five ethical criteria and the two case studies to that question. 

 
5. Legality 

 
The five criteria used in this paper are derived from recurring themes in AI ethics and governance 

literature rather than presented as self-evident principles. They are operationalized below so that the 
same criteria can be applied to the two cases and to the proposed institutional design. 
 

5.1 Transparency 
 
The criterion is therefore evaluated by asking: Who has legal authority to act? What conduct is covered? 
What evidence is required? What procedural protections apply? 
 
Transparency concerns access to information needed by users, regulators, and affected parties to 

understand and contest AI-related decisions. It includes technical documentation, risk assessments, 
material-change disclosures, and appropriate user disclosures; it does not require public release of 
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proprietary model weights or trade secrets. 

 
5.2 Proportionality 
 

Proportionality requires that the intensity of governance correspond to the potential severity and scale 
of harm. Low-risk applications should face lighter controls; high-risk systems should face stronger 
testing, documentation, human oversight, and monitoring. This criterion also guards against regulatory 
designs that impose fixed costs that disproportionately burden smaller firms. 
 
5.3 Responsibility 
 

Responsibility assigns accountability to identifiable actors across the AI lifecycle. Foundation-model 
providers, downstream developers, deployers, and operators may each control different sources of risk. 
Responsibility cannot be assigned solely to the model developer. 
 
 
5.4 Predictability 

 
Predictability concerns both regulatory expectations and system governance. Firms need stable rules 
and published procedures, while users need confidence that materially similar cases will be treated 
consistently. Predictability does not mean freezing rules; it means making adaptation structured and 
transparent. 
 
Operationally, predictability requires published review criteria, target timelines, written determinations, 

appeal procedures, and scheduled reassessment of standards. 
 
Together, the criteria create a practical evaluation test. Legality asks whether authority is valid; 
transparency asks whether relevant evidence is accessible; proportionality asks whether controls fit risk; 
responsibility asks who must act; and predictability asks whether decisions and revisions are consistent 
and contestable. These criteria are then applied to the two cases and used to derive the institutional 
response. 

 
6. CASE ANALYSIS AND IMPLICATIONS 

 
6.1 Case I: The New York Times Company v. Microsoft Corporation et al. 
 
This case was selected because it represents an archetypal intellectual-property governance problem in 

generative AI: the relationship among training data, model development, output reproduction, and 
copyright. It is illustrative rather than statistically representative. The case is especially useful because 
it tests whether existing copyright doctrine can supply timely governance for a rapidly evolving technical 
practice. 
 
The New York Times alleges that OpenAI and Microsoft used copyrighted articles without authorization 
in developing AI systems and that some outputs could reproduce portions of Times content. The 

defendants have asserted defenses, including fair use. These are allegations and defenses, not findings 
of liability. 
 
On April 4, 2025, the U.S. District Court for the Southern District of New York issued an opinion that 

allowed some claims to proceed while dismissing others. The opinion did not resolve the ultimate fair-
use question. As of July 31, 2026, the merits of the broader dispute remained unresolved. The procedural 
posture demonstrates why the paper treats litigation as evidence about governance gaps rather than as 

a substitute for a comprehensive regulatory regime. 
 
The case exposes a transparency and responsibility problem as well as a copyright problem. Training 
practices, data provenance, memorization, model architecture, and output controls are distributed 
across technical and organizational actors. Litigation can determine liability for particular conduct, but 
it does not by itself create a repeatable system for documenting training data, evaluating risks before 

deployment, or monitoring material model changes. 
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6.2 Case I: Governance Implications 

 
Evaluated against the five criteria, the case reveals: legality—existing copyright doctrine supplies 
authority but leaves novel AI-training questions uncertain; transparency—training-data provenance and 

model behavior can be difficult for outside parties to assess; proportionality—one-size-fits-all rules may 
burden low-risk uses while missing high-risk reproduction; responsibility—multiple actors may control 
different stages of the lifecycle; and predictability—uncertain doctrine creates unstable expectations for 
both creators and developers. 
 
6.3 Case II: Lopez et al. v. Apple Inc. 
 

Lopez was selected as a complementary illustrative case because it represents a different archetypal 
harm class: consumer privacy and unintended data capture by an AI-enabled voice assistant. The pairing 
therefore, tests the framework across intellectual-property and privacy risks rather than treating either 
case as representative of all AI disputes. 
 
The settlement agreement was executed on December 31, 2024. Plaintiffs alleged that Siri-enabled 

devices could record private conversations following unintended activations and that information was 
shared with third parties. Apple denied wrongdoing. The court preliminarily approved the settlement on 
February 10, 2025, and the matter proceeded through the court-approval process during 2025. The 
settlement should therefore be distinguished from a judicial finding that Apple violated privacy law. 
 
The case demonstrates a limitation of litigation as governance. A settlement can provide compensation 
and closure for a defined class without establishing a general rule for future voice assistants or other 

continuously sensing systems. It also illustrates the importance of post-deployment governance because 
privacy risk may arise from real-world use, unexpected activation, system changes, or organizational 
data practices. 
 
6.4 Case II: Governance Implications 
 
Against the five criteria, Lopez highlights legality through questions about consent and statutory 

authority; transparency through uncertainty about when data are captured and how they are used; 
proportionality through the need to distinguish ordinary device functions from intrusive data collection; 

responsibility through the relationship among device maker, software provider, contractors, and 
downstream data users; and predictability through the absence of a general lifecycle rule for unintended 
data capture. 
 

6.5 Cross-Case Synthesis 
 
The two cases are not offered as a representative sample; they are selected to illuminate two recurring 
governance problems—intellectual property and privacy—while spanning different stages of the AI 
lifecycle. The comparison strengthens the argument that litigation is necessary but insufficient: it 
resolves discrete disputes after harm is alleged, whereas governance must establish repeatable controls 
before and after deployment. 

 
The analytical bridge can be summarized as follows: five criteria → observable governance gaps → 
institutional response. Legality and predictability support statutory authority and appeal rights; 
transparency supports documentation and reporting; proportionality supports tiered review; and 

responsibility supports named actors, incident reporting, and enforcement. This chain is the principal 
methodological link between the case analysis and the policy proposal. 

 
6.6 Limits of Litigation and Implications for Legislative Action 
 
Litigation remains important because courts interpret existing law, create precedent, and can provide 
remedies. Its limitation is temporal and institutional: cases generally arise after a dispute, depend on 
parties with standing and resources, and produce decisions tied to particular facts and legal doctrines. 

A regulatory framework can complement litigation by establishing baseline process obligations before 
deployment and by creating monitoring and corrective mechanisms afterward. 
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The cases do not demonstrate that courts are ineffective. They demonstrate that courts and regulators 

perform different governance functions. The proposed framework assigns standards development, 
lifecycle oversight, and punitive enforcement to distinct but coordinated institutions while leaving courts 
with judicial review and adjudication. 

 
7. POLICY RECOMMENDATION: A THREE-PRONGED AI GOVERNANCE FRAMEWORK 

 
The proposed framework applies to high-risk consumer-facing AI systems and to foundation-model or 
platform actors when their systems are used in covered high-risk contexts. It does not create universal 
pre-market licensing for every AI model. The design responds directly to the pace problem identified in 
the literature and cases: regulation must be mandatory where risk warrants it, but flexible enough to 

accommodate frequent technical change. 
 
7.1 Prong One—Standards Development: NIST 
 
NIST should remain the technical standards body because the AI RMF already provides an adaptable 
vocabulary of govern, map, measure, and manage. Standards should be updated on a scheduled basis 

and through expedited procedures when material risks emerge. NIST should not decide individual 
approvals or impose penalties. This separation protects technical standard setting from case-specific 
enforcement pressures. 
 
The standards layer should define evidence requirements by risk tier: model and system documentation; 
data provenance and quality evidence where relevant; performance and robustness testing; human-
oversight design; cybersecurity and privacy controls; incident-reporting thresholds; and change-

management procedures. Standards should distinguish foundation-model providers, downstream 
developers, and deployers so that obligations follow actual control over risk. 
 
7.2 Prong Two—Federal Artificial Intelligence Administration (FAIA) 
 
FAIA would conduct a risk-based review of covered high-risk deployments rather than approve every AI 
model. Its jurisdiction would attach primarily to high-risk uses and deployment contexts, with authority 

to require information from foundation-model providers when their models materially affect those uses. 
This addresses a central weakness of a simple “FDA for AI” analogy: AI risks are distributed across 

models, applications, users, and contexts (Carpenter & Ezell, 2024). 
 
For high-risk deployments, the applicant would submit the following: intended use and deployment 
context, system and model documentation, relevant training data provenance, risk assessment and 

mitigation plan, evaluation and validation evidence, human oversight procedures, privacy and security 
controls, incident response plan, and a change management plan. Trade secrets and security-sensitive 
information could be protected from public disclosure while remaining available to regulators under 
confidentiality rules. 

 
FAIA should use three review pathways: streamlined review for established low-risk changes; standard 
review for new high-risk deployments; and enhanced review for systems with potentially systemic or 

rights-sensitive effects. Rather than treating the previously suggested three-to-twelve-month period as 
a fixed rule, this paper recommends a target-based service standard: routine reviews should have 
published target times, with expedited review available when evidence is sufficient and the delay itself 
creates material public risk. 

 
7.3 Prong Three—Enforcement 

 

Applicants should receive written determinations and a defined administrative appeal process. Judicial 
review would remain available under applicable law. Small firms, academic systems, open-source 
projects, and research prototypes should receive tailored pathways or exemptions when they do not 
operate in covered high-risk deployment contexts, while downstream commercial deployment of an 
open model would remain subject to the relevant risk-based requirements. 
 

Separating technical standards, routine lifecycle review, and punitive enforcement can reduce role 
conflicts, but it also creates coordination costs. The framework requires formal information-sharing 
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agreements, common definitions, joint incident protocols, and a lead-agency rule for overlapping 

jurisdiction. The goal is not institutional fragmentation; it is functional separation with coordinated 
execution. 
 

7.4 Coordination, Feasibility, and Implementation 
 
FAIA would not replace the FDA, FTC, EEOC, CFPB, SEC, or other sector regulators. Instead, it would 
establish cross-sector AI governance requirements and defer to existing agencies on sector-specific 
substantive law. For example, an AI-enabled medical device would remain subject to FDA authority, 
while FAIA could address cross-cutting documentation, model-change, and incident-reporting 
requirements. Congress would need to specify preemption rules carefully because state AI laws 

increasingly address areas such as discrimination, privacy, and consumer protection. EO 14365 
demonstrates that federalism and preemption are already central policy questions. 
 
Implementation would require congressional appropriations, specialized technical staff, legal expertise, 
audit capacity, and secure information systems. Regulatory fees could supplement appropriations but 
should be structured so that small firms are not priced out of the market. A phased implementation 

beginning with a limited set of clearly defined high-risk uses would reduce administrative risk and allow 
the agency to learn before expanding jurisdiction. 
 
7.5 Funding, Governance, and International Coordination 
 
The proposal also faces legitimate objections. Regulatory capture could favor large firms with compliance 
resources; excessive pre-deployment review could slow innovation; broad definitions of high-risk AI 

could expand agency jurisdiction; and information requirements could raise First Amendment, trade-
secret, or intellectual-property concerns. These risks support narrow statutory definitions, procedural 
safeguards, confidential regulatory access, periodic review, and explicit sunset or evaluation provisions 
for new regulatory powers. 
 
Funding should primarily come from congressional appropriations, supplemented by proportionate fees 
and civil penalties. Congressional oversight, independent audits, public reporting, and conflict-of-

interest rules should apply to the institutions. International coordination should focus on interoperability 
of testing evidence, terminology, and incident reporting, reducing duplicative compliance for firms 

operating across jurisdictions while preserving each jurisdiction’s substantive legal authority. 
 
Existing “FDA for AI” proposals correctly identify the value of pre-deployment testing but also highlight 
the difficulty of defining the regulated object, anticipating harms, and governing distributed AI supply 

chains (Carpenter & Ezell, 2024). The present framework introduces three key elements: it regulates 
high-risk deployment contexts rather than every model; it distinguishes between standards, routine 
review, and punitive enforcement; and it treats monitoring and controlled model updates as integral to 
approval rather than as exceptions to it. Its central claim is therefore institutional and lifecycle-oriented, 
not simply that AI needs a new licensing agency. 
 
The framework is also deliberately modest about novelty. It synthesizes established governance 

mechanisms, but its contribution is the explicit derivation of the institutional architecture from the five 
ethical criteria, the EU/NIST comparison, and the two purposively selected cases. The framework should 
therefore be understood as a testable IS governance model rather than a claim that the paper has 
invented an entirely new regulatory instrument. 

 
7.6 Limitations and Alternative Approaches 
 

The framework has limitations. The legal-policy analysis is qualitative and does not estimate compliance 
costs, staffing requirements, or the probability of regulatory capture. The two cases are illustrative 
rather than representative, and the framework has not been empirically tested with regulators, firms, 
or affected users. Alternative approaches—including self-regulation, co-regulation, tort litigation, sector-
specific regulation, and market-based certification—may outperform a federal agency in particular 
contexts. Future empirical work should compare these alternatives and test whether the proposed 

separation of functions improves accountability without creating excessive delay. 
 



2026 Proceedings of the ISCAP Conference   ISSN: 2473-4901 
Asheville, NC  v12 n6751 

 

©2026 ISCAP (Information Systems and Computing Academic Professionals) Page 10 
https://iscap.us/proceedings/ 

8. CONCLUSION 

 
This study used a qualitative comparative legal-policy design to examine how AI governance 
mechanisms operate across the EU AI Act, NIST AI RMF, and two illustrative U.S. disputes. The analysis 

found a consistent institutional gap: ethical principles are widely articulated, but authority, evidence, 
review, and enforcement are unevenly distributed across the AI lifecycle. The cases show why litigation 
remains necessary, but cannot, by itself, provide proactive, repeatable governance. 
 
The paper’s principal contribution is a three-pronged, lifecycle-oriented governance architecture. NIST 
supplies adaptable technical standards; FAIA supplies risk-based review, monitoring, and corrective 
authority for covered high-risk deployments; and a separate enforcement function addresses serious 

violations. The framework differs from a simple FDA analogy by focusing on deployment context, 
distributed responsibility, controlled updates, and post-deployment oversight. 
 
Future research should test three questions: whether risk-based lifecycle review can maintain acceptable 
review times as model-update frequency increases; how governance responsibilities should be allocated 
across foundation-model providers, developers, deployers, and platforms; and whether the proposed 

separation of standards, review, and enforcement improves measurable accountability relative to self-
regulation, sectoral regulation, or litigation alone. The framework is therefore a bounded policy proposal 
requiring empirical and comparative testing rather than a claim of finality. 
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